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Creativity is key for organizations’ ability to remain relevant in today’s disruptive world. In this pa-
per, we identify new ways in which organizations can use artificial intelligence (AI) more effectively
for creativity. Drawing on the resource-based view as a background mechanism, we developed and em-
pirically tested a new integrative model. We collected the research data via a large survey of managers
distributed to 600 organizations in China. Our findings show that coupling AI capability with strategic
agility can directly support creativity. It also mediates the effects of ambidexterity, customer orien-
tation and competitor orientation on organizations’ creativity and performance when developing new
products and services. In addition, our findings show that coupling AI capability and strategic agility
can significantly improve firms’ new product creativity and new service development performance when
there is a high level of government institutional support. Our findings provide theoretical and practical
implications for academics and practitioners interested in managing AI for organizational creativity.

Introduction

Creativity is critical for enabling organizations to com-
pete in today’s highly competitive global environment.
Creativity can be defined as the capacity to produce
ideas that are both original and adaptive or as the ability
to generate new, useful and novel concepts that can be
implemented in problem-solving, procedures, processes
and products (Frare and Beuren, 2021). According to
the resource-based view (RBV) (Barney, 2001), creativ-
ity is a critical intangible resource for organizations (Im,
Montoya and Workman, 2013). In addition, creativ-
ity becomes more important for organizations focusing
on improving new service development performance, as
they have to deal with more complicated tasks such
as delivering customized services and improving service
processes (Yang, Lee andCheng, 2016). Through under-
taking such complicated tasks, managers and employees
acquire knowledge of customers’ changing needs and

the skills to develop new service processes, making them
more competent at enhancing new service development
performance (Dubiel and Mukherji, 2022).

Creativity may also be linked to organizations’ strate-
gic agility (Ameen et al., 2022; Awan et al., 2022; Tarba
et al., 2023), which is ‘the ability of the organization
to renew itself and stay flexible without sacrificing
efficiency’ (Junni et al., 2015a, p. 596). Strategic agility
is linked to an organization’s ability to invent new
business models and new categories, rather than simply
rearranging old products and categories (Weber and
Tarba, 2014). High strategic agility in organizations is
associated with stronger employee commitment and
motivation, both of which stimulate creativity and the
exchange of ideas for developing new products and ser-
vices in the workplace (Franco and Landini, 2022). The
RBV (Barney, 2001) posits that possessing resources
and capabilities is not sufficient for organizations to gen-
erate value, especially in fast-paced environments (Amit

© 2024 The Authors. British Journal of Management published by John Wiley & Sons Ltd on behalf of British Academy of Man-
agement.
This is an open access article under the terms of the Creative Commons Attribution-NonCommercial-NoDerivs License, which
permits use and distribution in any medium, provided the original work is properly cited, the use is non-commercial and no modifi-
cations or adaptations are made.

https://orcid.org/0000-0002-1794-9103
https://orcid.org/0000-0001-8440-9564
https://orcid.org/0000-0003-2637-6201
https://orcid.org/0000-0001-5379-0761
mailto:xsenm6688@sina.com
http://creativecommons.org/licenses/by-nc-nd/4.0/


2 N. Ameen et al.

and Schoemaker, 1993; Barney, 2001). To survive in
competitive markets and develop their strategic agility,
organizations need to nurture related factors, such as
their customer and competitor orientations and their
ambidexterity; at the same time, they need to be aware
of the market conditions surrounding them and be able
to access the support from the government they require
to survive (Ameen et al., 2022; Kurniawan et al., 2020).
In a recent survey by McKinsey (2021), 77% of se-

nior company leaders said they believe that creativity is
a critical driver for growth and financial performance.
However, rapid advances in artificial intelligence (AI)
and machine learning, and their integration with hu-
man intelligence (cognitive and emotional skills), are
likely to be game-changers for creativity in organiza-
tions (Ameen et al., 2022). By 2025, global investment in
AI is expected to reach $232 billion (Schwandt, 2019).
Netflix, Spotify and Lexus are examples of organiza-
tions that have usedAI for creativity, to change themen-
tal model of their respective industries and create new
mental models (Pagani and Champion, 2023). For ex-
ample, Lexus produced the first filmed advertisement
written entirely by AI, having trained the technology
on data from 15 years of award-winning advertisements
for luxury products. Generative AI such as the type
used by Lexus supports creative processes by generat-
ing ideas, words or images (Branscum, 2022). ChatGPT,
Jasper and Writesonic are examples of the latest form
of generative AI, which shows promise for services in
that it can produce original content in response to a user
prompt (Ameen, Sharma and Tarba, 2023). Generative
AI can help organizations build powerful, personable,
personalized content and customer experiences (Bran-
scum, 2022), which can enhance organizations’ ability to
be creative. A recent report has shown that among en-
terprises which are the most advanced in using AI and
machine learning, 61% are using fully integrated prod-
uct lifecycle management systems (Columbus, 2020).
When creating new products and services, teams

that are more advanced in using AI achieve greater
economies of scale and more efficiency and speed gains
(Huang andRust, 2021). Examples of howAI can boost
organizations’ creativity in this regard include forecast-
ing demand, designing new generations of products
and services, analysing and providing recommendations
for continuously improving product usability, enabling
the next generation of frameworks to reduce time-to-
market and improving product quality and flexibility
in meeting unique customization requirements (Ameen
et al., 2022; Ameen, Sharma and Tarba, 2023; Colum-
bus, 2020). Despite these creative benefits, however, 85%
of AI andmachine learning projects fail to produce a re-
turn for the organization (Gartner, 2022). To turn their
use of AI into a success, organizations need to restruc-
ture teams, develop their AI capability by acquiring new
skills and promote agility in the workforce (Mikalef and

Gupta, 2021; Mikalef, Conboy and Krogstie, 2022; Pa-
gani and Champion, 2023). An organization’s AI capa-
bility is its ability to ‘select, orchestrate, and leverage its
AI-specific resources’ (Mikalef and Gupta, 2021, p. 3).
A key challenge for managers here is the need to make
effective use of their resources, capabilities and exter-
nal support for the process of implementing AI to en-
sure success of implementation internally (Pagani and
Champion, 2023).

Drawing on psychological theory, most studies on
creativity focus on how individuals generate, develop
and react to creative ideas in certain social and contex-
tual environments (e.g. Gu, Hempel and Yu, 2020; He
et al., 2020; Liu et al., 2021; Spoelma, Mai and Wei,
2022; Zhang et al., 2022). Yet, to the best of our knowl-
edge, there is still a significant gap in the literature in
terms of how organizations can enable creativity by cou-
pling AI capability and strategic agility, and how this
may influence the effects of other related factors on cre-
ativity. In addition, although scholars have explained
how external government support can affect organiza-
tions’ capabilities in general (e.g. Peerally et al., 2022),
they have yet to develop an understanding of how such
support affects their AI capability, strategic agility and
creativity more specifically.

To address these knowledge gaps, this research exam-
ines how customer-oriented, competitor-oriented and
ambidextrous organizations can improve their creativity
in product and service development through a coupling
of strategic agility andAI capability. In addition, it iden-
tifies the role of government support in this context. We
draw on theRBV (Barney, 2001) as a backgroundmech-
anism to develop and empirically test a new integrative
model (Figure 1).

This study makes three specific contributions to the
management literature. First, it addresses the void in
the existing research on how coupling strategic agility
and AI capability affects product and service creativ-
ity. It contributes to the literature on strategic agility
(e.g. Del Giudice et al., 2021; Junni et al., 2015a, 2015b;
Shams et al., 2021; Tarba et al., 2023) by showing man-
agers’ perspectives on how combining this agility with
AI capability can lead to improved creativity. It builds
on the accumulated knowledge about strategic agility
and responds to recent developments in the realm of
digitization and AI by adding the three dimensions of
AI capability (Mikalef and Gupta, 2021) to the con-
cept of strategic agility. In addition, unlike most of
the extant research on agility and creativity, which ex-
plains that creativity can make an organization more
agile (e.g. Awan et al., 2022; Tarba et al., 2023), our
research demonstrates the significant influence exerted
by strategic agility as an enabler of creativity. Second,
this study extends the findings of previous research (e.g.
Kitchens et al., 2018; Kurniawan et al., 2020; Weber
and Tarba, 2014; Zhang and Sharifi, 2000, 2007) by
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showing the significant effects of customer orientation,
competitor orientation and organizational ambidexter-
ity on organizations’ coupling of AI capability and
strategic agility, which, in turn, strengthens creativity.
Third, it shows managers’ perceptions of the impact
of external factors on organizations’ creativity. This ex-
tends previous research, which highlighted the impact
of government support on various aspects of business
(Igalla, Edelenbos and vanMeerkerk, 2020) but did not
address creativity.

Theoretical background
AI capability

AI is a characteristic of ‘machines that exhibit aspects of
human intelligence’ (Huang and Rust, 2018, p. 155) and
is defined as ‘the ability of a system to identify, interpret,
make inferences, and learn from data to achieve pre-
determined organizational and societal goals’ (Mikalef
and Gupta, 2021, p. 3). The literature emphasizes the
important positive impact of AI on organizations (e.g.
Garbuio and Lin, 2021; Mikalef and Gupta, 2021). In
the context of creativity, AI displays some key cogni-
tive skills: intelligence, learning and the ability to pro-
cess and analyse massive data, among others. As de-
velopments in computational speed, data storage, data
retrieval, sensors and algorithms have dramatically re-
duced the cost of making predictions based on machine
learning, some organizations have turned to AI to antic-
ipate new trends and circumvent the cognitive limits re-
quired for creativity (Ameen, Sharma and Tarba, 2023;
Shamim et al., 2023; Warner and Wäger, 2019). How-
ever, for organizations to be successful in using AI for
creativity, they need to be able to utilize the relevant re-
sources and capabilities effectively.
The RBV is a suitable theoretical lens for examining

dynamic and turbulent environments, especially those
that foster resource complementarity. Recent research
applying the resource-based theory has highlighted that
in addition to the technology itself, human and comple-
mentary organizational resources are required to lever-
age investment and remain competitive (Mikalef and
Gupta, 2021). While resources are what an organiza-
tion owns, capability is an organization’s ability to bun-
dle, manage or otherwise exploit resources in a manner
that provides added value and, it is hoped, advantages
over its competitors (Bowman and Ambrosini, 2003).
However, the RBV is criticized for being inattentive to
contexts (Yang and Konrad, 2011). Oliver (1997) has
argued that neither resource acquisition nor resource
deployment are independent of the institutional con-
text. Although the RBV and dynamic capability theory
have evolved from two different perspectives, they are
complementary to each other because capabilities are
attained through the utilization of resources (Barney,

Wright and Ketchen, 2001) and organizations develop
sustainable competitive advantages based on hard-to-
imitate resources and capabilities (Awan et al., 2022).
Dynamic capabilities are an extension of the RBV and
refer to the ability of firms to create new competencies
and reconfigure existing ones (Teece, 2007; Teece, Pisano
and Shuen, 1997).

Dynamic capability theory stems from the premise
that the RBV of the organization is static in nature
and does not fully explain how an organization’s re-
sources are developed and integrated into a rapidly
changing environment (Kim, Song and Triche, 2015;
Teece, Pisano and Shuen, 1997). AI can underpin the
building of the dimensions (sub-components) of an
organization’s dynamic capabilities: sensing, seizing
and transforming, which are essential for maintaining
competitiveness (Mikalef, Conboy and Krogstie, 2022;
Warner and Wäger, 2019).

Building on the RBV and dynamic capability litera-
ture, the concept of AI capability has emerged (Mikalef
and Gupta, 2021). AI capability has three main di-
mensions, which combine human- and AI-specific re-
sources: (i) tangibles (data, technology and basic re-
sources); (ii) human skills (technical and business); and
(iii) intangibles (inter-departmental coordination, orga-
nizational change capacity and risk proclivity) (Mikalef,
Conboy and Krogstie, 2022; Mikalef and Gupta, 2021).
To develop AI capability, organizations must balance
their technical and managerial skills: technical skills
for handling data and implementing AI techniques and
managerial skills for understanding what domain of
knowledge is required when developing AI applica-
tions and envisioning important areas of use (Dwivedi
et al., 2021). The intangible resources required to fos-
ter AI capability include the ability to carry out inter-
departmental coordination and the capacity to initiate
and effect organizational change (Mikalef and Gupta,
2021).

Coupling AI capability and strategic agility

Returning to dynamic capabilities, studies focusing on
this perspective (Teece, 2007, 2018) have suggested that
strategic agility is also a vital dynamic capability – and,
more importantly, that organizations should act strate-
gically to leverage value from it (Zahoor et al., 2023).
The dynamic nature of strategic agility enables organi-
zations to reconfigure their resources and capabilities in
a short time frame, which allows them to be respon-
sive and adaptable (Khan, 2020). The underpinnings
of strategic agility rely on two interdependent elements
of the dynamically capable organization: (i) combin-
ing technologies; and (ii) flexible structures that can be
rapidly modified (Teece, Peteraf and Leih, 2016). To in-
crease the benefits of dynamic capabilities for strategic
agility, organizations must exploit digital technologies,
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including AI (Magistretti, Pham and Dell’Era, 2021;
Warner and Wäger, 2019). Furthermore, by exploiting
AI, organizations can recombine resources, re-engineer
operations and business processes and manage knowl-
edge for creativity (Ameen et al., 2022; Ameen, Sharma
and Tarba, 2023). Accordingly, the coupling of AI ca-
pability and strategic agility may bring organizations
more fruitful results in terms of creativity. This coupling
can also strengthen and further explain the effects of
other determinants of enhancing creativity, such as am-
bidexterity and whether an organization has a customer
orientation or a competitor orientation (Ameen et al.,
2022).

Proposed model and hypothesis development

An organization’s AI capability can play a central, di-
rect role in its product and service creativity, but it can
also exert an indirect influence through its impact on the
organization’s dynamic capabilities. Coupling an orga-
nization’s AI capability and its strategic agility, which
combines human and technological intelligence, may
enhance the organization’s creativity. For example, by
providing: (i) the increased flexibility and adaptabil-
ity needed to re-engineer business operations and pro-
cesses; and (ii) the responsiveness required to address
uncertain and evolving market demands effectively with
AI (Chowdhury et al., 2023; Mikalef and Gupta, 2021).
Building on previous research (Junni et al., 2015a;

Mikalef and Gupta, 2021), we refer to the concept of
‘coupling AI capability and strategic agility’ as an or-
ganization’s ability to select, orchestrate and leverage
its AI-specific resources, and to renew itself and stay
flexible without sacrificing efficiency. Organizations that
couple AI capability and strategic agility can gain a
competitive advantage from augmentation (combining
AI and human intelligence), which, especially in the
realm of creativity, far exceeds the gains from human
intelligence alone (Ameen, Sharma and Tarba, 2023).
These organizations remain flexible and relevant in to-
day’s market. The unique benefits provided by coupling
strategic agility and AI capability enable organizations
to develop the right new products and services, at the
right time, in the right place and at the right price. By
leveraging this coupling, organizations can attain mar-
ket capitalization and operational adjustment agility,
which are key components of gaining a competitive ad-
vantage.
Deploying advanced technologies strengthens the ef-

fects of strategic agility by accelerating organizations’
development of new products that meet nascent market
opportunities, and this may determine their survival in
times of crisis (Ameen et al., 2022; Mikalef and Gupta,
2021;Warner andWäger, 2019). In addition, AI capabil-
ity and strategic agility are both influenced by the macro

environment surrounding an organization; for example,
the government regulations and policies that support
organizational operations and processes and organiza-
tions’ adoption and use of AI (Igalla, Edelenbos and
van Meerkerk, 2020).

Our proposed model identifies that coupling AI capa-
bility and strategic agility has a key influence on orga-
nizations’ new product creativity and new service devel-
opment performance. New product creativity is the ex-
tent to which a new product is novel and differs from its
competing alternatives (Das et al., 2023; Dean, Griffith
and Calantone, 2016).New service development refers to
innovations of new services or service procedures that
will make efficient operation and superior performance
possible, and which are often based on novel ideas and
creative solutions (Yang, Lee and Cheng, 2016).

In addition, our proposed model examines how cou-
pling AI capability and strategic agility can strengthen
the effects of determinants (i.e. customer orientation,
competitor orientation and ambidexterity) related to the
use of AI for creativity (Ameen et al., 2022). Ambidex-
terity is an organization’s ability to simultaneously pur-
sue exploratory and exploitative activities (Tarba et al.,
2020). Ambidexterity is viewed as a dynamic capabil-
ity (O’Reilly and Tushman, 2008; Vahlne and Jonsson,
2017) that can act as a significant determinant of or-
ganizations’ agility and their use of AI for creativity
(Ameen et al., 2022; Del Giudice et al., 2021; Tarba
et al., 2023). Furthermore, customer orientation and
competitor orientation play pivotal roles in determining
strategic agility and organizations’ use of the resources
required forAI in the context of creativity (Ameen et al.,
2022; Kurniawan et al., 2020). Both orientations can as-
sist organizations with envisioning customers’ changing
needs, behaviours and preferences; spotting the long-
term capabilities and strategies of key rivals; and gen-
erating the inter-functional coordination needed to ad-
dress them appropriately (Im, Hussain and Sengupta,
2008; Kurniawan et al., 2020). Therefore, we assert that
an organization’s coupling of AI capability and strategic
agility is determined by its ambidexterity and its orien-
tation, and that this coupling strengthens the impact of
ambidexterity and orientation on creativity. These de-
terminants enable organizations to remain flexible, to
develop AI capability without sacrificing efficiency and
to respond to changing market conditions (i.e. to de-
velop strategic agility).

Our proposed model (Figure 1) fills a gap in the lit-
erature by examining: (i) the effects of coupling of AI
capability and strategic agility on organizations’ new
product creativity and new service development; (ii) how
these effects are strengthened or weakened by the level
of government institutional support; and (iii) the role
of this coupling in strengthening the impact of key
determinants (ambidexterity, customer orientation and
competitor orientation) on new product creativity and

© 2024 The Authors. British Journal of Management published by John Wiley & Sons Ltd on behalf of British Academy of
Management.



Coupling AI Capability and Strategic Agility for Creativity 5

Figure 1. Proposed model

new service development. In the following sections, we
present our hypothesis development.

Antecedents of coupling of AI capability and strategic
agility

A customer orientation is the synthesis of obtaining
information about customers’ needs and preferences
and taking actions based on this and other forms of
customer-related market intelligence (Kopalle et al.,
2022). It is also principally grounded on information
(albeit historic, accumulated and after-the-fact) used
to inform business decisions. Legacy firms have long
employed digital technologies that help them accumu-
late, store and analyse information (Andreou, Harris
and Philip, 2020). Hence, organizations that are more
customer-oriented are more likely to value the power of
AI for providing key insights and predictions about cus-
tomer behaviour, needs and preferences (Ameen et al.,
2022; Homburg andWielgos, 2022; Kopalle et al., 2022;
Kozinets and Gretzel, 2021).
A customer orientation also facilitates the adoption

of proactive, adaptable and timely approaches by guid-
ing employees to comprehend the demands of each cus-
tomer and respond promptly (Park and Hur, 2023).
Organizations that address the changing needs of cus-
tomers are often more agile (Hajli et al., 2020). Fur-
thermore, in an examination of the impact of cus-
tomer data-driven culture on competitive advantage,
Medeiros and Maçada (2021) identified a relationship
between agility and analytical capabilities. Flexibility
and promptness are widely acknowledged as key com-

ponents of strategic agility (Junni et al., 2015a, 2015b).
Hence, through strategic performance and innovative-
ness, customer orientation has a significant effect on
business profitability, which leads to the idea that it may
also positively impact strategic agility (Zhang and Shar-
ifi, 2000) and AI capability (Mikalef and Gupta, 2021).
Thus, we hypothesize:

H1: Customer orientation has a significant positive ef-
fect on the coupling of AI capability and strategic
agility.

A competitor orientation centres on gathering and
assimilating competitor-related market intelligence
(Andreou, Harris and Philip, 2020). Organizations that
focus on differentiating themselves from their competi-
tors, capitalizing on their distinct strengths to deliver
better value to customers in a given environment, of-
ten focus on gathering the resources and capabilities
needed for a competitive advantage (Al-Surmi, Cao
and Duan, 2020). When an organization’s values and
beliefs are directed towards gaining an edge over their
competitors through their actions, they can alter the
competitive structure and behaviour of the market.
Competitor-oriented organizations believe that predict-
ing future competitive behaviour and changing their
competitive environment for their benefit will give them
a competitive advantage (Schulze et al., 2022). The
adoption of AI in a competitive domain could trigger
substitution that can help in this context. For example,
AI is currently used widely to automate predictions
about strategic decision-making and problem-solving

© 2024 The Authors. British Journal of Management published by John Wiley & Sons Ltd on behalf of British Academy of
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tasks, which traditionally only humans had the cog-
nitive ability to make (Krakowski, Luger and Raisch,
2023). Hence, competitor-oriented organizations are
more likely to value the power of AI in enabling them
to gain a competitive advantage, which makes them
more likely to: (i) be more adaptable without sacrificing
efficiency because they are using AI; and (ii) gather
and orchestrate the resources needed to implement AI
applications (Krakowski, Luger and Raisch, 2023).
A competitor orientation requires an organization

to transform its strong and weak points into more
creative concepts capable of eliciting customer satisfac-
tion (Sultana, Akter and Kyriazis, 2022). It is central
to corporate strategy because it: (i) provides a solid
foundation of intelligence on current and potential
competitors; and (ii) leads to adaptability by either
leading the competition (proactive competitor orienta-
tion) or following it (responsive competitor orientation)
(Schulze et al., 2022). Considering the uncertainties
and escalating disruptions that exist today, strategic
agility also entails the adoption of new and innovative
business models to compete effectively (Weber and
Tarba, 2014). Accordingly, we hypothesize:

H2: Competitor orientation has a significant positive
effect on the coupling of AI capability and strategic
agility.

Organizational ambidexterity theory proposes that to
attain long-term success, businesses need to strike a bal-
ance between simultaneous exploration and exploita-
tion (Hu, Dou and You, 2023). Exploitation reflects the
current efficient management of business demands to
minimize risk and usually focuses on effectiveness and
efficiency in production; meanwhile, exploration reflects
the ability to adapt to future requirements and usu-
ally focuses on experimentation, flexibility and innova-
tion, which involve risk-taking (Katou, Budhwar and
Patel, 2021). Scholars have applied the concept of am-
bidexterity to capture innovation activities at the or-
ganization level (Del Giudice et al., 2021; Doblinger,
Wales and Zimmermann, 2022). Exploratory innova-
tions involve the proclivity to challenge existing tech-
nological trends and search for new market opportuni-
ties and knowledge, inside and outside existing indus-
try boundaries (Doblinger, Wales and Zimmermann,
2022). Conversely, exploitative innovations involve con-
tinuously improving existing technological knowledge
to satisfy existing market needs by reducing costs and
enhancing efficiency, and aremore likely to be incremen-
tal (Doblinger, Wales and Zimmermann, 2022). Previ-
ous studies have indicated that having a balanced combi-
nation of exploitation and exploration activities allows
organizations to gather the human, tangible and intan-
gible resources required for developing their AI capabil-
ity (Mikalef and Gupta, 2021).

In addition, according to the notion of ambidexter-
ity, an organization’s capacity to balance exploration
and exploitation is crucial to its ability to adapt without
sacrificing efficiency (Hu, Dou and You, 2023; O’Reilly
and Tushman, 2008; Tushman and O’Reilly, 1996; We-
ber and Tarba, 2014). It follows that ambidexterity en-
ables organizations to invent new business models and
categories, which is key for increasing strategic agility
(Weber and Tarba, 2014). Thus, we hypothesize:

H3: Organizational ambidexterity has a significant pos-
itive effect on the coupling of AI capability and strate-
gic agility.

Direct and mediating effects of coupling AI capability
and strategic agility

We propose that coupling AI capability and strategic
agility will directly affect an organization’s creativity. AI
enables deeper data analysis (e.g. pattern analysis, iden-
tifying abnormality in variables and scenarios in uncer-
tain conditions) and the learning of scenarios over time
(Akter et al., 2021; Chalmers, MacKenzie and Carter,
2021; Shamim et al., 2023). The technological and non-
technological resources that make up an organization’s
AI capability can act as powerful enablers of product
and service creativity through augmentation (Ameen
et al., 2022; Mikalef and Gupta, 2021). Developing a
strong AI capability can assist an organization with
managing some of the cognitive skills required for new
product and service creativity; for example, intelligence,
memory and processing large volumes of data (Ameen
et al., 2022; Huang and Rust, 2021).

More advanced approaches to creativity involve the
use of deep learning methods, which include predic-
tive analytics, computational creativity, personaliza-
tion algorithms and natural language processing sys-
tems (Huang and Rust, 2021). This, combined with
the key human creative skills (e.g. intuition, judgement,
risk-taking, team coordination and capacity to effect
change), can strongly influence an organization’s new
product creativity and new service development per-
formance. Indeed, AI can complement human perfor-
mance at the various stages of the creative process: idea
initiation, idea execution and final product or service
(Ameen et al., 2022).Mikalef andGupta (2021) found a
direct association between an organization’s AI capabil-
ity and its organizational creativity. This suggests that
organizations with high levels of AI capability can en-
hance their new product creativity and new service de-
velopment performance.

New products and services are critical for customer
retention and corporate growth, because they attract
new customers while appealing to existing customers’
desire for change or novelty (Hajli et al., 2020). Strate-
gic agility encompasses activities performed by an
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organization to create value in a turbulent and un-
predictable environment (Weber and Tarba, 2014). It
involves allocating sufficient resources to developing
and deploying specific capabilities and balancing these
capabilities in a dynamic way over time (Shams et al.,
2021). The development of new products and services
is enabled by an organization’s strategic agility and AI
capability, and it is executed by identifying and swiftly
addressing emergent challenges and remaining flexible
without losing efficiency. To take advantage of opportu-
nities for developing new products and services as they
arise, agile organizations remain sensitive to market
change and swiftly integrate their resources, systems
and processes (Millar, Groth and Mahon, 2018).
Although the literature has accounted for the role

played by strategic agility in new product development
to some extent (Puriwat and Hoonsopon, 2022; Shirazi
et al., 2022; Škare and Soriano, 2021), it has largely fo-
cused on organizational agility (Puriwat and Hoonso-
pon, 2022), market agility (Hajli et al., 2020) and data
analytics and digitization (Shirazi et al., 2022; Škare
and Soriano, 2021). Limited attention has been paid
to what impact combining AI capability and strategic
agility may have on the creation of new products and
services. In addition, researchers have often incorpo-
rated the function of new service development into new
product development (Hajli et al., 2020; Hoonsopon
and Puriwat, 2021). Therefore, we hypothesize:

H4: Coupling of AI capability and strategic agility has
a significant positive effect on (a) new service develop-
ment performance and (b) new product creativity.

In addition to the direct effects, we anticipate that
coupling AI capability and strategic agility has sig-
nificant mediating effects in our proposed conceptual
model. Specifically, the coupling of AI capability and
strategic agility is hypothesized to act as an intermedi-
ate channel that accounts for the effects of customer ori-
entation, competitor orientation and ambidexterity on
new product creativity and service development perfor-
mance. An organization that combines its AI capabil-
ity and its strategic agility is expected to be better posi-
tioned to leverage its customer and competitor orienta-
tion and its ambidexterity to develop creativity in rela-
tion to newproducts and services. It is alsomore likely to
survive in challenging times because it will be able to use
technology more effectively and purposefully to spark
new ideas for products and services. AI can transform
organizations’ ability to be creative when they achieve
the right balance between AI and human intelligence
(Ameen et al., 2022; Ameen, Sharma and Tarba, 2023;
Pagani and Champion, 2023).
Organizations with a customer-focused marketing

strategy tend to integrate customer preferences into de-
veloping and marketing their products and services, be-
cause they put customers’ interests first (Al-Surmi, Cao

and Duan, 2020). In customer-oriented organizations,
managers often make efforts to build on the AI-enabled
insights gained from developing the required AI ca-
pability and listening to consumers (Kühl, Mühlthaler
and Goutier, 2020). They may also experiment with di-
versifying their activities to propose new products and
services based on customer preferences (Kopalle et al.,
2022). When customer-oriented organizations combine
strategic agility with AI capability, they can leverage be-
ing flexible and using the power of AI to design new
products and services tailored to customers’ needs.

In addition, we propose that coupling AI capabil-
ity and strategic agility strengthens the effects of com-
petitor orientation on creativity. Organizations with a
competitor-focused marketing strategy seek to analyse
competitors in their external market, use competitor in-
telligence as a frame of reference to guide their prod-
uct development and marketing processes, identify their
strengths and weaknesses and keep pace with or stay
ahead of competitors (Al-Surmi, Cao and Duan, 2020;
Schulze et al., 2022). When these organizations increase
their awareness of the competition and attempt to iden-
tify new ways to differentiate their products and ser-
vices (Ameen et al., 2022), they develop AI capability
and strategic agility while maintaining efficiency: the
human–AI collaboration and adaptability inherent in
this coupling, and they can then initiate new product
and service ideas that allow them to stay ahead of com-
petitors.

Furthermore, we propose that coupling AI capabil-
ity and strategic agility strengthens the impact of am-
bidexterity on creativity. Ambidextrous organizations
that excel in both exploration and exploitation achieve
superior performance (Hughes et al., 2018; O’Reilly
and Tushman, 2011). When these organizations develop
their AI capability and strategic agility, they can har-
ness the power of AI and flexibility to improve their ex-
ploration and exploitation activities, leading to ideas for
new products and services. Thus, we propose the follow-
ing hypotheses:

H5: Coupling AI capability and strategic agility posi-
tively mediates the effects of (a) customer orientation,
(b) competitor orientation and (c) organizational am-
bidexterity on new service development performance.
H6: Coupling AI capability and strategic agility posi-
tively mediates the effects of (a) customer orientation,
(b) competitor orientation and (c) organizational am-
bidexterity on new product creativity.

Moderating effects of government institutional support

Government institutional support refers to the extent to
which a government provides organizations with incen-
tive schemes, financial support, policies on research and
development (R&D) and patenting and plans that offset
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the adverse influences of inadequate institutional infras-
tructures or inefficient law enforcement during political,
economic and societal transitions (Sheng, Zhou and Li,
2011; Shu et al., 2019; Yi et al., 2021). Recent studies
have highlighted that government institutional support
has a key role to play in fostering organizations’ AI-
enabled innovation and R&D activities (Igna and Ven-
turini, 2023; Lundvall and Rikap, 2022). Beraja, Yang
and Yuchtman (2021) studied the role of the Chinese
government as a data provider in the development of AI
(facial recognition) innovations by the business sector.
Regulatory interventions will impact the ability of orga-
nizations to absorb and use AI and to develop a strong
capacity for both AI and creativity.
Governments have employed patent systems to fos-

ter the generation and diffusion of new ideas (Lund-
vall and Rikap, 2022; Shu et al., 2015). China, as the
empirical context of this study, is highly relevant in
that government institutional support serves as a vi-
tal means of countering the adverse effects of institu-
tional voids in transition economies and helps orga-
nizations make effective decisions about which activ-
ities to prioritize (Albino-Pimentel, Dussauge and El
Nayal, 2022). For example, China’s cultural and cre-
ative industries have been commercialized and indus-
trialized, supported by the inclusion of creative and
consumer-oriented cultural items and content in the
government’s macroscopic guidelines (Park, 2022). The
Chinese government’s New Generation Artificial Intelli-
gence Development Plan (2015–2030) and other policy
portfolios aim to create an AI ecosystem by investing
large amounts of capital, providing leading education,
retaining talent, advancing fundamental research, push-
ing commercialization, and so forth (Cyranoski, 2018;
Wu et al., 2020). We therefore hypothesize:

H7: Government institutional supportmoderates the ef-
fects of coupling AI capability and strategic agility on
(a) new service development performance and (b) new
product creativity: the relationship is stronger in the
presence of strong government institutional support.

Methods
Sample and procedures

China has been recognized as one of the global lead-
ers in AI applications (The Economist, 2017; Roberts
et al., 2021). Chinese organizations are widely applying
AI in the realm of creativity and innovation, driven by
the big data sets produced by the gigantic Chinese mar-
ket (Beraja, Yang and Yuchtman, 2021; Liu et al., 2021;
Xia et al., 2023). We collected the data through a survey
which included adapted questions closely related to the
variables proposed in our conceptual model, which we
measured on a seven-point Likert scale ranging from (1)

‘strongly disagree’ to (7) ‘strongly agree’ (see Online Ap-
pendix A for the measurement items). We translated the
survey into Chinese using the standard translation and
back-to-back translation procedure (Brislin, 1980) and
took measures to minimize the occurrence of common
method bias (see Online Appendix B).

We identified the prospective respondents for our sur-
vey from the Wen-Juan-Xing database platform: one
of the largest Qualtrics-like platforms in China, with
over 744,000 registered managers and 16.3 billion sur-
veys completed by 2022. Prospective respondents had to
meet two criteria: (i) to be employed by an organization
using AI; and (ii) to hold a managerial position. As a
preliminary test of our proposed conceptual model and
questionnaire, we ran a pilot survey that yielded 57 valid
responses. We then revised our questionnaire based on
the feedback we received.

Subsequently, we randomly distributed the survey to
the identified respondents. To establish an accurate rep-
resentative sample, we collected data from one man-
ager per firm in our study. This approach enabled us to
get insights into decision-making processes at the man-
agerial level, while minimizing potential biases arising
from surveyingmultiple participants from the same firm
(Moore, Harrison andHair, 2021). Amember of the au-
thors’ team, along with a dedicated client manager from
Wen-Juan-Xing, monitored the data collection and in-
spected the data to ensure that only one manager from
each firm completed the survey. We obtained responses
from 911 managers in organizations, and then deleted
311 responses because of missing values or illogical an-
swers. For example, some managers claimed that their
firm had a good capability to change, but went on to
state that they were unable to anticipate and plan for
changes. Thus, our final sample included questionnaires
completed bymanagers from 600 organizations (see On-
line Appendix C for a detailed explanation of the demo-
graphic information). Finally, we employed the partial
least squares, structural equation modelling technique
to assess the proposed research model (see Online Ap-
pendix D for a detailed explanation).

Data analysis
Measurement model

Table 1 shows that all items with loadings exceeded the
0.5 threshold (Hair et al., 2022), except for COMO4,
CUSO1, CUSO4, CUSO7, CUSO8, NPC1 and SA3 to
SA5. All the variables had average variance extracted
(AVE) values above 0.5 and composite reliability (CR)
values above 0.7 (Hair et al., 2022). This provided
robust evidence for the convergent validity and internal
consistency of our constructs. The outer loading values
of some constructs were in the range of 0.613 to 0.700;
nevertheless, these items were retained for content
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Table 1. Assessment of convergent validity, internal consistency and full collinearity

Construct Item Loading Composite reliability (CR) Average variance extracted (AVE) Full collinearity (FC)

Competitor orientation COMO1 0.630 0.755 0.509 1.699
COMO2 0.762
COMO3 0.740
COMO4 D

Customer orientation CUSO1 D 0.836 0.504 1.940
CUSO2 0.746
CUSO3 0.713
CUSO4 D
CUSO5 0.725
CUSO6 0.709
CUSO7 D
CUSO8 D
CUSO9 0.655

Government institutional support GIS1 0.766 0.829 0.533 2.016
GIS2 0.758
GIS3 0.676
GIS4 0.716

New product creativity NPC1 D 0.837 0.508 1.985
NPC2 0.747
NPC3 0.613
NPC4 0.701
NPC5 0.746
NPC6 0.747

New service development performance NSDP1 0.621 0.842 0.517 2.328
NSDP2 0.751
NSDP3 0.749
NSDP4 0.726
NSDP5 0.741

Organizational ambidexterity OAM1 0.659 0.837 0.635 2.228
OAM2 0.849
OAM3 0.867

Strategic agility SA1 0.728 0.848 0.529 2.165
SA2 0.750
SA3 D
SA4 D
SA5 D
SA6 0.692
SA7 0.791
SA8 0.667

Note: D = item removed due to loading below 0.5.

validation purposes. Notably, Hair et al. (2022) sug-
gest that if a construct achieves satisfactory values for
convergent validity and internal consistency, it is not
necessary to remove items with outer loadings greater
than 0.50.
The discriminant validity was evaluated using the

heterotrait–monotrait (HTMT) ratio method, reveal-
ing that all variables had HTMT values below the 0.90
threshold, thus discriminant validity was achieved (see
Table 2).
We continued to assess AI capability as a formative–

formative–formative type of higher-order construct
(Becker et al., 2023; see Table 3). The VIF values fell be-
low the 3.3 threshold, showing that the dimensions were
distinct. Then, the statistical significance of the first-
order constructs (the formative items) and the second-
order constructs (i.e. data, technology, basic resources,

technical skills, business skills, inter-departmental coor-
dination, organizational change capacity and risk pro-
clivity) enabled us to establish a third-order construct
(AI capability) that showed statistical significance in all
second-order constructs or dimensions (i.e. tangible, hu-
man and intangible) (p< 0.05). A global itemwas devel-
oped and assessed, and the redundancy analysis result
showed a path coefficient value of 0.891, higher than
the 0.70 threshold, confirming the convergent validity
of the AI capability construct (Table 3).

Finally, we continued to explore and integrate AI
capability and strategic agility to develop a fourth-order
construct of the ‘coupling of AI capability and strategic
agility’, aiming to encapsulate the intricate link between
AI capability and strategic agility. This approach allows
researchers an opportunity to explore more abstract
theoretical conceptualizations (Becker et al., 2023),
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Table 2. Assessment of discriminant validity

Construct COMO CUSO GIS NPC NSDP OAM SA

COMO
CUSO 0.677
GIS 0.737 0.558
NPC 0.722 0.653 0.632
NSDP 0.805 0.661 0.690 0.880
OAM 0.696 0.730 0.553 0.706 0.653
SA 0.774 0.619 0.609 0.672 0.755 0.659

Note: COMO = competitor orientation; CUSO = customer orientation; GIS = government institutional support; NPC = new product creativity;
NSDP = new service development performance; OAM = organizational ambidexterity; SA = strategic agility.

enabling a more comprehensive and nuanced repre-
sentation of the synergistic effects between the two
constructs. This provides a more accurate reflection of
how the ‘coupling of AI capability and strategic agility’
contributes to organizational outcomes (i.e. new service
development performance and new product creativity).
The dimensions of AI capability (weight: 0.776) and
strategic agility (weight: 0.299) both had satisfactory
VIF values below 3.33 and both were statistically sig-
nificant (p-value < 0.01) in forming the coupling of AI
capability and strategic agility. Finally, a global item (i.e.
‘Overall, the organization has integrated both AI capa-
bility and strategic agility into its business operations’)
was developed and assessed. The redundancy analysis
result showed a path coefficient value of 0.718, higher
than the 0.70 threshold (Hair et al., 2022), confirming
the convergent validity of the coupling of AI capability
and strategic agility construct (Table 3).

Structural model

When assessing the structural model, the outcome of
our robustness checks was satisfactory (see Online Ap-
pendix F). Table 4 reveals that customer orientation
(H1: β = 0.298, p-value < 0.01), competitor orienta-
tion (H2: β = 0.333, p-value < 0.01) and organizational
ambidexterity (H3: β = 0.321, p-value < 0.01) exerted
a significant influence on the coupling of AI capabil-
ity and strategic agility. Therefore, H1, H2 and H3 are
supported. Competitor orientation (f2 = 0.202) and or-
ganizational ambidexterity (f2 = 0.165) both exerted
a medium effect on the coupling of AI capability and
strategic agility, while customer orientation (f2 = 0.141)
had a small effect on this. Overall, these relationships ex-
plain 58.0% of the variance in coupling of AI capability
and strategic agility.
Our next test showed that the coupling of AI capa-

bility and strategic agility exerted significant effects on
new service development performance (H4a: β = 0.687,
p-value < 0.01) and new product creativity (H4b: β =
0.649, p-value < 0.01). Overall, these relationships ex-
plain 47.2% of the variance in new service development

performance and 42.2% of the variance in new product
creativity, which are satisfactory results.

Next, the coupling of AI capability and strategic
agility exerted a significant mediation effect between the
three predictors (customer orientation, competitor ori-
entation and organizational ambidexterity) on new ser-
vice development performance (H5a: β = 0.205; H5b:
β = 0.229; H5c: β = 0.220) and new product creativity
(H6a: β = 0.194; H6b: β = 0.216; H6c: β = 0.209), with
p-values lower than 0.01. Thus, H5a to H6c are sup-
ported. Overall, our results also demonstrate the predic-
tive relevance of the model (see Online Appendix G).

Finally, government institutional support moderated
the relationship between the coupling of AI capability
and strategic agility and new service development per-
formance (H7a: β = 0.098), as well as the coupling of
AI capability and strategic agility and new product cre-
ativity (H7b: β = 0.089), with p-values lower than 0.01.
This shows that H7a and H7b are supported by small
effect sizes of 0.023 and 0.021, respectively (see Online
Appendix H for a detailed explanation of the interac-
tion plot).

Discussion
Theoretical and managerial implications

In this study, we examined how organizations’ orien-
tation and ambidexterity can improve their product
and service creativity through the coupling of strategic
agility and AI capability. Our findings show that cou-
pling AI capability and strategic agility increases orga-
nizations’ new product creativity and new service de-
velopment performance. Our work combined two con-
cepts that have traditionally been treated and analysed
separately in the literature. Specifically, we found that
combining the concepts of AI capability (Ameen et al.,
2022;Mikalef, Conboy andKrogstie, 2022;Mikalef and
Gupta, 2021) and strategic agility (Awan et al., 2022;
Junni et al., 2015a; Tarba et al., 2023) has both direct
and mediating effects in the context of new product cre-
ativity and new service development performance.Orga-
nizations that possess the required resources (tangible,
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Table 3. Assessment of higher-order constructs

Item/dimension Weight VIF t-Value p-Value

First-order construct
Data DATA1 0.249 1.230 5.345 0.000

DATA2 0.272 1.164 4.946 0.000
DATA3 0.246 1.121 5.007 0.000
DATA4 0.269 1.153 5.304 0.000
DATA5 0.212 1.231 4.155 0.000
DATA6 0.286 1.197 5.483 0.000

Technology Technology1 0.231 1.328 4.016 0.000
Technology2 0.140 1.250 2.589 0.010
Technology3 0.246 1.243 4.458 0.000
Technology4 0.214 1.225 4.182 0.000
Technology5 0.365 1.215 7.200 0.000
Technology6 0.247 1.174 4.437 0.000
Technology7 0.174 1.211 3.264 0.001

Basic resources BR1 0.347 1.166 6.335 0.000
BR2 0.365 1.163 6.542 0.000
BR3 0.417 1.313 6.812 0.000

Technical skills TS1 0.238 1.325 3.763 0.000
TS2 0.327 1.239 5.481 0.000
TS3 0.261 1.374 4.311 0.000
TS4 0.115 1.362 1.939 0.043
TS5 0.191 1.354 3.535 0.000
TS6 0.208 1.211 3.988 0.000
TS7 0.180 1.370 3.161 0.002

Business skills BS1 0.178 1.423 3.833 0.000
BS2 0.223 1.321 5.278 0.000
BS3 0.221 1.295 5.096 0.000
BS4 0.206 1.314 4.397 0.000
BS5 0.243 1.292 6.251 0.000
BS6 0.224 1.348 4.754 0.000
BS7 0.242 1.222 5.559 0.000

Inter-departmental coordination Inter-DC1 0.268 1.321 5.046 0.000
Inter-DC2 0.169 1.281 2.986 0.003
Inter-DC3 0.172 1.226 3.132 0.002
Inter-DC4 0.225 1.218 4.067 0.000
Inter-DC5 0.216 1.185 3.566 0.000
Inter-DC6 0.253 1.200 3.801 0.000
Inter-DC7 0.223 1.297 4.376 0.000

Organizational change capacity OCC1 0.228 1.226 4.706 0.000
OCC2 0.324 1.186 7.772 0.000
OCC3 0.187 1.163 4.292 0.000
OCC4 0.230 1.157 5.487 0.000
OCC5 0.238 1.248 5.437 0.000
OCC6 0.308 1.230 5.937 0.000

Risk proclivity RP1 0.314 2.000 2.282 0.023
RP2 0.355 1.641 3.160 0.002
RP3 0.559 1.529 4.855 0.000

Second-order construct
Tangible AI capabilities Data 0.430 2.266 5.709 0.000

Technology 0.392 2.407 5.392 0.000
Basic resources 0.316 1.772 5.146 0.000

Human AI capabilities Technical skills 0.299 2.266 4.349 0.000
Business skills 0.756 2.266 12.668 0.000

Intangible AI capabilities Inter-departmental
coordination

0.392 1.578 6.320 0.000

Organizational change
capacity

0.621 1.689 10.752 0.000

Risk proclivity 0.196 1.157 3.956 0.000
Third-order construct
AI capability (CV: 0.891, FC: 1.589) Tangible AI capabilities 0.218 3.314 2.638 0.008

Human AI capabilities 0.341 3.050 4.364 0.000
Intangible AI capabilities 0.516 2.855 9.200 0.000
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Table 3. (Continued)

Item/dimension Weight VIF t-Value p-Value

Fourth-order construct
Coupling of AI capability and strategic AI capability 0.776 1.798 17.386 0.000
agility (CV: 0.718, FC: 3.017) Strategic agility 0.299 1.798 5.602 0.000

Note: CV = convergent validity; FC = full collinearity.
To summarize these results, we also demonstrated descriptive and correlation results (see Online Appendix E).

intangible and human) for AI, while maintaining flexi-
bility and efficiency, are likely to gain better results from
using AI for creativity, which, in turn, enables them to
gain a competitive advantage. Such a combination al-
lows for better augmentation, which is key to success
when using AI for creativity (Ameen et al., 2022).
We also found that customer-oriented and

competitor-oriented organizations alike can develop a
combination of AI capability and strategic agility. In
this regard, our findings show that when organizations
align their strategies, objectives, products and services
with their customers’ voice (Kopalle et al., 2022), while
responding to competition (Andreou, Harris and Philip
2020; Schulze et al., 2022), they are more likely to be
more flexible and gather the required organizational
resources for AI.
In addition, the results emphasize the significance of

ambidexterity in enabling organizations to develop a
successful coupling of their AI capability and strategic
agility. Ambidexterity was found to affect various as-
pects of an organization’s performance (Hu, Dou and
You, 2023; Uhl-Bien and Arena, 2018). Our work ex-
tends this line of research by showing that when or-
ganizations leverage highly skilled people, explore new
technologies, exploit marketing opportunities and con-
stantly explore new opportunities, they can develop the
resources required for the management of AI while re-
maining adaptable and efficient.
This research provides novel perspectives by identify-

ing and empirically examining the mediating effects of
coupling AI capability and strategic agility on each of
the determinants (customer orientation, competitor ori-
entation and ambidexterity) and creativity. While pre-
vious studies have explained that these determinants
are linked to creativity (Ameen et al., 2022; Kurni-
awan et al., 2020), we found that when these organiza-
tions have a high level of strategic agility and the re-
sources required for AI (tangible, intangible and hu-
man) are present, their product and service creativity
increases. The coupling of AI capability and strategic
agility acts as an enabler of creativity for customer-
oriented, competitor-oriented and ambidextrous orga-
nizations.
Furthermore, our findings contribute to the recent lit-

erature on the impact of government support and poli-
cies on the organizational use of AI (e.g. Igna and Ven-

turini, 2023; Lundvall and Rikap, 2022). They show
that strong government institutional support has signif-
icance in a new context, as it is a key enabler for orga-
nizations that want to develop their AI capability and
strategic agility to improve their creativity in new prod-
ucts and services.

Theoretical contributions

Our study makes several important contributions to
management theories and literature, by drawing on the
RBV as a theoretical background. While existing stud-
ies investigated the impact of organizational culture,
climate and leadership on creativity (e.g. Amabile and
Pratt, 2016; McKay, Mohan and Reina, 2022; Spoelma,
Mai andWei, 2022; Zhang et al., 2022), we proposed an
integrative model that examines managers’ perceptions
of how organizations can successfully leverage AI by us-
ing the necessary resources and capabilities. Hence, our
study makes three significant contributions to advanc-
ing the body of knowledge in these areas.

First, our findings suggest that managers find that
coupling AI capability and strategic agility is critical to
improving organizations’ product and service creativ-
ity by playing both direct and mediating roles. AI has
been acknowledged as a powerful tool that organiza-
tions can use to significantly increase their creativity
and, in turn, their chances of survival in a competitive
market (Ameen et al., 2022; Ameen, Sharma and Tarba,
2023; Pagani and Champion, 2023). Nevertheless, re-
cent studies have highlighted that using AI successfully
is still a challenge for organizations (Huang and Rust,
2021; Pagani and Champion, 2023). To the best of our
knowledge, the present study is among the first to ex-
amine how the coupling of AI capability and strategic
agility might improve organizations’ new product cre-
ativity and service development performance. Our find-
ings show that developing an organization’s AI capabil-
ity complements the effects of the organization’s strate-
gic agility on its creativity. This is an important finding,
given the unique advantages AI offers for creativity.

Second, our study extends the management literature
concerning the roles of customer orientation, competi-
tor orientation, ambidexterity (as critical determinants
that support the coupling of AI capability and strate-
gic agility) and creativity. Researchers have examined
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Table 4. Assessment of the structural model

BCa CI
Relationship Std beta Std error t-Value p-Value LB UB VIF f2

Direct
H1: Customer orientation → coupling of
AI capability and strategic agility

0.298 0.038 7.928 0.000 0.237 0.360 1.497 0.141

H2: Competitor orientation → coupling
of AI capability and strategic agility

0.333 0.038 8.695 0.000 0.267 0.393 1.312 0.202

H3: Organizational ambidexterity →
coupling of AI capability and strategic
agility

0.321 0.043 7.498 0.000 0.251 0.391 1.490 0.165

H4a: Coupling of AI capability and
strategic agility → new service
development performance

0.687 0.025 28.023 0.000 0.643 0.724 1.000 N/A

H4b: Coupling of AI capability and
strategic agility → new product creativity

0.649 0.028 22.948 0.000 0.597 0.691 1.000 N/A

Mediation
H5a: Customer orientation → coupling
of AI capability and strategic agility →
new service development performance

0.205 0.027 7.630 0.000 0.151 0.257

H5b: Competitor orientation → coupling
of AI capability and strategic agility →
new service development performance

0.229 0.027 8.589 0.000 0.174 0.278

H5c: Organizational ambidexterity →
coupling of AI capability and strategic
agility → new service development
performance

0.220 0.032 6.858 0.000 0.160 0.285

H6a: Customer orientation → coupling
of AI capability and strategic agility →
new product creativity

0.194 0.026 7.514 0.000 0.143 0.245

H6b: Competitor orientation → coupling
of AI capability and strategic agility →
new product creativity

0.216 0.024 8.972 0.000 0.168 0.262

H6c: Organizational ambidexterity →
coupling of AI capability and strategic
agility → new product creativity

0.209 0.032 6.486 0.000 0.148 0.275

Moderation
H7a: Coupling of AI capability and
strategic agility × GIS → new service
development performance

0.098 0.032 3.064 0.001 0.019 0.192 0.023

H7b: Coupling of AI capability and
strategic agility × GIS → new product
creativity

0.089 0.030 3.010 0.001 0.041 0.138 0.021

Control variables
Firm size → new product creativity 0.062 0.053 1.167 0.123 −0.033 0.096
Firm age → new product creativity 0.051 0.040 1.266 0.205 −0.013 0.085
Industry type → new product creativity 0.025 0.060 0.407 0.389 0.068 −0.127
Age → new product creativity 0.042 0.051 0.828 0.292 −0.033 0.137
Gender → new product creativity 0.052 0.063 0.826 0.398 −0.067 0.141
Job level → new product creativity 0.018 0.051 0.356 0.887 −0.060 0.097
Firm size → new service development
performance

0.027 0.054 0.506 0.787 −0.038 0.086

Firm age → new service development
performance

0.040 0.054 0.745 0.859 −0.004 0.152

Industry type → new service development
performance

0.011 0.118 0.094 0.925 −0.227 0.234

Age → new service development
performance

0.024 0.083 0.290 0.386 −0.113 0.160

Gender → new service development
performance

0.070 0.056 1.265 0.206 −0.030 0.188

Job level → new service development
performance

−0.011 0.060 0.184 0.854 −0.130 0.103

Endogeneity test

© 2024 The Authors. British Journal of Management published by John Wiley & Sons Ltd on behalf of British Academy of
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Table 4. (Continued)

BCa CI
Relationship Std beta Std error t-Value p-Value LB UB VIF f2

GC (customer orientation) → coupling
of AI capability and strategic agility

0.062 0.073 0.854 0.393 −0.077 0.208

GC (competitor orientation) → coupling
of AI capability and strategic agility

−0.004 0.103 0.038 0.970 −0.186 0.198

GC (organizational ambidexterity) →
coupling of AI capability and strategic
agility

−0.092 0.070 1.301 0.193 −0.230 0.041

GC (coupling of AI capability and
strategic agility) → new service
development performance

−0.117 0.170 0.688 0.202 −0.270 0.282

GC (coupling of AI capability and
strategic agility) → new product creativity

−0.108 0.135 0.800 0.076 −0.202 0.209

Quality criteria: key target construct R2 Q2_predict
Coupling of AI capability and strategic
agility

0.580 0.571

New service development performance 0.472 0.370
New product creativity 0.422 0.356

Note: BCa CI = bias-corrected and accelerated confidence interval; GC = endogeneity test using Gaussian copula; N/A = not applicable.

the effects of customer and competitor orientation (e.g.
Andreou, Harris and Philip, 2020; Kopalle et al., 2022;
Park and Hur, 2023; Schulze et al., 2022; Sultana, Ak-
ter and Kyriazis, 2022; Zhang and Sharifi, 2000) and
ambidexterity (e.g. Doblinger,Wales and Zimmermann,
2022; Hu, Dou and You, 2023; Uhl-Bien and Arena,
2018) on organizations’ performance-related outcomes.
However, our research investigated the effects of these
determinants in a unique context: their use in develop-
ing AI to improve creativity. In addition, our findings
show that coupling AI capability and strategic agility al-
lows organizations to make better use of their customer
and competitor orientations in addition to their explo-
rative and exploitative activities to improve their prod-
uct and service creativity.
Third, our findings advance the body of knowledge

on the role of government institutional support in im-
proving organizations’ use of AI for creativity – specifi-
cally, the body of literature on government institutional
support (e.g. Chen et al., 2014; Sheng, Zhou and Li,
2011; Shu et al., 2019; Wang, Jin and Zhou, 2023; Yi
et al., 2021). It does so by showing that if organizations
are to improve their creativity in developing new prod-
ucts and services, they need government support to be
able to develop and utilize the required resources for AI
(tangible, intangible and human) (Mikalef and Gupta,
2021) and to stay flexible without sacrificing efficiency
(Junni et al., 2015a). This finding is unique because, even
though previous studies have explored the effects of gov-
ernment institutional support in some contexts, such as
firm innovation performance (Guan and Yam, 2015; Ju-
gend et al., 2018; Shu et al., 2015), a gap remained in
terms of understanding and conceptualizing the impact

of government institutional support in the context of
AI capability, strategic agility and creativity. Our study
focused on the context in China, but we believe that our
findings are generalizable given that the literature has
acknowledged the effects of government support on or-
ganizations’ performance in general in other countries
(e.g. Kivimaa and Rogge, 2022; Selviaridis, Hughes and
Spring, 2023). We add to this body of literature by ex-
ploring how government support can affect key aspects
(i.e. AI capability and strategic agility) required to ad-
vance creativity.

Managerial implications

Our results have several managerial implications. First,
managers should consider new and effective ways of
developing and utilizing their resources and capabili-
ties for new product creativity and new service develop-
ment. Managers should consider augmentation (com-
bining AI and human intelligence), which can signifi-
cantly enhance product and service creativity. However,
combining human andmachine intelligence can be chal-
lenging. In this regard, our work offers managers, prac-
titioners and decision-makers some solutions for devel-
oping and using the required resources to make effective
use of augmentation for creativity.

Second, managers should focus on enhancing their
strategic agility alongside their AI capability to gain
value in changing market conditions without sacrificing
efficiency. Specifically, to enhance their creativity and
remain competitive in today’s disruptive world, organi-
zations need to focus on being strategically agile and de-
veloping and using AI capability. Hence, managers and

© 2024 The Authors. British Journal of Management published by John Wiley & Sons Ltd on behalf of British Academy of
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decision-makers should foster an internal environment
that simultaneously supports AI capability and strategic
agility, is suited to responding positively to changes in
the external environment and still offers value through
developing product and service creativity.
Third, managers should develop a strong awareness

of the markets their organizations operate in, especially
in relation to their customers and competitors. In ad-
dition, they should continue carrying out exploration
and exploitation (i.e. ambidexterity) activities that lead
to identifying highly skilled employees and the latest de-
velopments in AI, which can assist in developing new
products and services. These activities are likely to pro-
vide organizations with better creative results when they
are strategically agile and have the right AI capabilities
in place.
Finally, governments and policymakers should sup-

port organizations to develop their AI capability, strate-
gic agility and new product and service creativity by of-
fering technology information, financial resources, ben-
eficial policies and projects and tax reductions and sub-
sidies. This support would encourage organizations to
develop stronger capabilities and become more creative
about their products and services.

Limitations and future research

Scholars should consider the results of this study in light
of several limitations. By using a sample of managers
drawn fromChina, we obtained insights into howAI ca-
pability and strategic agility can be used to improve new
product creativity and new service development perfor-
mance. In addition, we studied the impact of govern-
ment institutional support in this context. Future stud-
ies could explore these dimensions by using data col-
lected from employees in other countries and compar-
ing the findings. In addition, researchers could explore
human–AI collaboration further in the context of cre-
ativity and identify an appropriate balance between AI
and human intelligence for achieving higher levels of
creativity. Future research can also explore how orga-
nizations can develop a better understanding of knowl-
edge transfer between humans and AI (and vice versa)
for knowledge management, in addition to developing
new theoretical and practical perspectives to capture
knowledge transfer, learning and organisational perfor-
mance when AI is employed.
Given the rapid development of AI systems, future

research should explore the impact of generative AI
and quantum computing in terms of transforming well-
established business models and innovation in organi-
zations. In addition, future studies can explore the im-
pact of generative AI on value creation in organizations
for the various stakeholders involved. For example, fu-
ture research can explore how organizations can foster

the development of critical thinking and analytical and
evaluative skills among individuals to assess the value,
resonance and impact of content created by generative
AI. Finally, future research can explore how organiza-
tions handle competing interests and risk management
to be more open about the judgements made by asset
allocation of algorithms and generative AI.
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